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Harmonic Temporal Structured Clustering:
A New Approach to CASA

Hirokazu KAMEOKAT, Jonathan LE ROUX', Nobutaka ONOT, and Shigeki SAGAYAMA

1 Graduate School of Information Science and Technology, The University of Tokyo

E-mail: {{kameoka,leroux,onono,sagayama}@hil.t.u-tokyo.ac.jp

Abstract There have been many studies on computational implementation of human auditory function. Such
a framework is referred to as computational auditory scene analysis (CASA). The recent interest in this area of
research is focused on the development of source separation algorithms based on the grouping cues suggested by
Bregman [1]. In most of the conventional methods for CASA, stream segregation is performed through two suc-
cessive procedures: identification of the harmonic components and temporal smoothing of the extracted harmonic
component features. These procedures, however, should be done essentially in a cooperative way and this belief has
led us to formulate a unified estimation framework for the two dimensional structure of time-frequency components.
We propose in this paper a new approach for CASA called Harmonic Temporal Structured Clustering.

Key words CASA, Bregman’s grouping cues, constant @ filter bank, Harmonic Temporal Structured Clustering
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