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For given HMM /4, determine a speech parameter vector
Sequence 0=J[0,,0,,...,0;]' which maximizes

P(0]2) =2 P(o]a,2)P(ql )

~max P(0[q,4)P(q|4)
q

U
g =argmaxP(q|w, )
g

o=argmaxP(0]|q, )
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For given HMM /4, determine a speech parameter vector
Sequence 0=J[0,,0,,...,0;]' which maximizes

P(0]2) =2 P(o]a,2)P(ql )

~max P(0[q,4)P(q|4)
q

U
g =argmaxP(q|w, )
g

o=argmaxP(0]|q, )
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