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* Audio mood classification using percussive and bass-line pattern features and chroma cross-correlation
features. By TSUNOO, Emiru, AKASE Taichi, ONO Nobutaka, and SAGAYAMA Shigeki (University

of Tokyo)
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Features | Accuracy
Existing (timbre, 68 dim.) 53.5%
Timbre + Chroma (80 dim.) 51.6%

Timbre + Rhythm/Bass (152 dim.) 55.9%
All Merged (164 dim.) | 58.8 %
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